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AnHoTtanus. B craree BeimonHen 0630p 10 pecypcoB cetn VIHTEpHET, O3BOJISIONINX 110100paTh JaHHbIE
IUIsL pa3HOOOpa3sHBIX 3a/1ad, CBS3aHHBIX C MAIIMHHBIM OOYYEHHEM M HMCKYCCTBEHHBIM HHTEIUICKTOM.
PaccMoTpeHsl Kak HIMPOKO M3BECTHBIE caiiThl (Hampumep, Kaggle, Registry of Open Data on AWS), Tak
1 MEHee TOIMyJISPHBIC WX y3KOCTICIATN3UPOBaHHbIe pecypchl (k mpumepy, The Big Bad NLP Database,
Common Crawl). Bce pecypchl pe1ocTaBisfoT OSCIUIATHBINA OCTYII K TaHHBIM, B OOJIBITHHCTBE CIIy4acn
UL 9TOTO naxke He TpeOyercss perucrtpamms. s Kakaoro pecypca yKa3aHbl XapaKTEPUCTHKH H
O0COOEHHOCTH, Kacalollldecs II0MCKa M MOJydeHHs HaOOpoB JaHHBIX. B paboTe mnpencTaBieHb
cnenyromtue caifTel: Kaggle, Google Research, Microsoft Research Open Data, Registry of Open Data on
AWS, Harvard Dataverse Repository, Zenodo, Ilopran oTKpbIThIX maHHbIX Poccuiickoit deneparmu,
World Bank, The Big Bad NLP Database, Common Crawl.

KiroueBble ¢jI0Ba. IIOHCK JaHHBIX, Ha60p JAaHHBIX, OTKPBITBIC TaHHBIC, peHOSI/ITOpI/Iﬁ JaHHBIX, KaTajJor

Ha0OPOB JIaHHBIX, UCKYCCTBEHHBIN MHTEJIEKT, MAIIMHHOE 00y4EHHE.
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MIPOBEPKH TEXHOJIOTUI HCKYyCCTBEHHOTO MHTEIUIEKTa // VIHOpMaIMOHHBIE 1 MaTEMaTHIECKUE TEXHOIOTUHI
B Hayke u ynpasnennu. 2021. Ne 2 (22). C. 39-52. DOI:10.38028/ES1.2021.22.2.004

BBenenne. PazHooOpa3Hble TEXHOJIOTMM M HMHCTPYMEHTHI HA OCHOBE MCKYCCTBEHHOT'O
MHTEJUIEKTa MOJy4atoT Bc€ Oolbliee pacpoCTpaHEHUE U CTAHOBATCS 00Jiee 3HAUMMBIMU HE TOJIBKO
B Pa3IMUHBIX c(epax HayKH, TEXHUKH, SKOHOMUKH M MPOU3BOJICTBA, HO U B IMOBCEIHEBHON JKU3HU
oObryHBIX Jrozed. [oGanpHas manaemus kopoHaBupyca COVID-19 mnpoaemoHcTpupoBaia
ySI3BUMOCTh YEJIOBEUECTBA HE TOJBKO MEpe]l AMUAEMUYECKUMHU YrpO3aMH U COMYTCTBYIOIIMMHU
npoOiieMaMH, HO M B aCleKTe BBI3BAHHBIX MMH JIOJITOCPOYHBIX MOCEACTBHI U orpanuueHuii [1-3].
BMmecte ¢ TeMm, maHzemus emie pa3 Iokasaja M HOATBEpAMIIA, YTO YCIEUIHO, 3(PPEKTHBHO U
OTIEPaTUBHO CIIPABIISITHCS C BOSHUKAIOUIMMH CIIOKHOCTSMH B Pa3IMYHBIX 00JIACTSAX NEATEIbHOCTH
MO>KHO, TpUBJIEKas KOMIIBIOTEpHBIE CPEICTBa W HH(OPMALMOHHBIE TEXHOJOTMHM, B TOM YHCIIE
CBSI3aHHBIE CO cdepoil ucKyccTBeHHOro uHTeekra [1, 3-12]. Muorue mpobieMbl M 3agauu,
UMEIoIIMe NPSMOE MM ONOCPEJOBAHHOE OTHOIIEHHE K AMHUJIEMHM, Oylb TO CHHTE3 BaKUUH U
JIEKapCTB, aHAJIU3 PEHTIC€HOBCKUX CHUMKOB, paclpesesieHne OOJMbHBIX U PECypcoB U T.H., MOXKHO
OBICTPO M Ka4yeCTBEHHO penlaTh JHIIb C MPUMEHEHHEM HHTEJUIEKTYalbHbIX KOMITBIOTEPHBIX
TEXHOJIOTUH ¥ MHCTPYMEHTOB [13-15]. OqHuM U3 KiIroueBbIX (HaKTOPOB Il pa3pabOTKH MOAOOHBIX
3¢ (HEeKTHBHBIX TEXHOJOTHH W CPEACTB SBISETCS MamuHHOE oOyueHue [7, 16-22]. Omnako s
YCHEIIHOTO €ro OCYIIECTBIIEHUS, KaK MPaBHIIO, TPEOYIOTCS MHOTOYMCIEHHBIE U pa3HOOOpa3HbIE
JaHHbIE, KOTOPbIE BO MHOTHX CITy4asiX MOXKET OKa3aThCs 3aTPYAHUTEIBHO COOpaTh U MOATOTOBUTH
[16, 17, 23-26]. B cBsi3u ¢ 3TUM 0COOYIO pOJb MpHUOOpPETaeT MOMCK TOTOBBIX JaHHBIX. B [27] Obut
paccMOTpeH psii callToB ceTw VHTEpHET, NMpeAoCTaBISIIOIIMX JOCTYN K Pa3IW4HbIM JIaHHBIM,
KOTOpBIE MOTYT OBITh MCHOJIB30BaHBI C IEJIbI0 Pa3pabOTKH U TECTUPOBAHUS TEXHOJIOTHI U CpPe/iCTB
MCKYCCTBEHHOT'O HMHTEJUIEKTa M MAIIMHHOTrO 0o0yueHus. Hurke mpuBoauTCS KpaTKuil 0030p ere
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Cuxynep /. B

HECKOJIbKHUX PECYPCOB, C MOMOIIBI0 KOTOPBIX MOXHO HAWTH JTaHHBIE JUIS Pa3IudHBIX 00JIacTel
MaIIMHHOTO 00yUYeHUSI.

1. Kaggle (https://www.kaggle.com). Ha wu3BecTHOM pecypce, MOCBSIIEHHOM pa3iHuHBIM
acmeKkTaM Hay4dHO-MCCIIeIOBaTeIbCKOM 00paboTku maHHbIX [19, 21-23, 26, 28, 29], MOXXKHO HaWTH
HECKOJIbKO JIECATKOB THICSY HAOOPOB JIaHHBIX, KacCalOUIUXCS CaMbIX pa3HOOOpasHBIX cdep
NEeSATeIbHOCTH M TPUKIAAHBIX 3anad (puc. 1). Hampumep, mpenctaBieHO MHOMKECTBO JIaHHBIX,
OTHOCSIIIUXCSL K TaKUM O0JIACTSM, KaKk 3KOHOMHUKA W OW3HEC, Kiaccu(uKaus W paclo3HaBaHUE

00pa3oB, MEIMIIMHA U 370pOBbE, 00pazoBaHue U cdepa pa3BicyeHU, 00paboTka H300paKeHUN U
€CTECTBEHHOTO s3bIKa. OTICIBHO CTOMT OTMETHTh, YTO Ha caiite mMeercs Oosnee 2000 HabopoB
JTaHHBIX, Tak Wi uHade kacaroumxces COVID-19. C HabopoM JaHHBIX MOTYT OBITh CBSI3aHBI TaK
Has3bIBaeMble OJIOKHOTHI (B TOM uwmcie, Jupyter Notebooks), B KOTOPBIX MOYKHO BBIIIOJHUTH
HMHTEPECYIONIYI0 00paboTKYy, a TaK)Ke HCCIeA0BaTEIbCKUE 3a]auH, AJIsi KOTOPBIX MOYKHO IIpeaiarath
peuienus B Buae 610kHOTOB. Takum 06pazoM, moMuMo coocTBeHHO AaHHbIX Kaggle npenocTasser
MTOJIHOIICHHYIO CPeTy JUTsl paOOThI ¢ HUMU, BKJIFOYast HHCTPYMEHTHI Ha OcHOBE Jupyter. B 6i10kHOTax
MO>KHO HCITOJIb30BaTh MPOTrPaMMHBIN KOJ Ha si3bikax Python mmm R. [lomnepxuBarorcs pazinnyHbie
dbopmarsl (aiinos nanueix, B ToM unciae CSV, JSON u SQLite.
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Puc. 1. Karanor HabopoB maHHbIX Ha pecypce Kaggle

J171st MOTHOIIEHHOM paboTHI C PECYPCOM, B TOM UHUCIIE JJIs TOOABICHUS U CKAYUBAHUSI TAHHBIX,
HeoOxoanMa peructpanus. OHako 0e3 perucTpanuy MOXKHO IPOCMAaTPUBATh JAHHBIE U CBA3aHHBIE
C HUMM OJIOKHOTBI, a TaKXe CO37]aBaTb HOBbIE OJOKHOTHI W BBINOJHATH C IOMOIIbIO HHUX
AKCIIEPUMEHTHI (BpeMsi pabOThl OTPAHUYEHO).

Ha Kaggle taxke moCTyImHBI Tak Ha3blBa€MbI€ COCTSA3aHUS (KOHKYPCHI), B paMKax KOTOPBIX
HYXKHO TIPEIJIOKHUTh peIleHHe IS ONpeAeTeHHOM 3ahayM, CBSI3aHHOH ¢ 00pabOTKOM JaHHBIX
[21, 22]. ]Ins HEKOTOPBIX KOHKYPCOB Tpeaiaraercsi ((MHAHCOBOE BO3HATPAXKICHHE 32 TO MM UHOE
UTOTOBOE MECTO.

Kaggle Taxxe npenoctasisier nporpaMmMmubliil uarepdeiic (API) u nncTpymMeHTsl KOMaHAHON
CTPOKH JJIsl B3aUMOJIEHCTBUA ¢ pecypcoM. Hampumep, MOXXHO CKauuMBaTh WM CO3/1aBaTh HAOOPHI
JAHHBIX, a TAKXKe CO3/1aBaTh U 3aITyCKaTh Ha BHIMOJIHEHUE OJIOKHOTBHI.

2. Google Research (https://research.google/tools/datasets/). Ha caiite nccnemnoBarenbckoro
nojpaszaenenus Google nocrymnen karanor (puc. 2), BKIIOYAOIHNA HECKOJIBKO JIECATKOB PECYPCOB €
JAHHBIMHU, KOTOPBIE MOYKHO HCITIOJIB30BATh JUIsSl Pa3JIMYHbIX N3bICKAHUH, TaK UM MHAUYE CBSI3aHHBIX C
KOMIIBIOTEPHBIMH HayKaMH. B OCHOBHOM Ipe/ICTaBlIeHbI JaHHbIE, OTHOCSIINECS K 00paboTKe:
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*  ayaWo; HampuMep, CHaOKCHHAs! TPAHCKPHITIIUEH 3alMCaHHasi peub Ha Pa3lIMYHBIX S3bIKaX, B
TOM 4HCIIE MaJopaclpoCTpaHEeHHBIX Tuma Oackckoro (Basque multi-speaker speech) wmm
ranucuiickoro (Galician multi-speaker speech);

*  TEKCTa; HallpUMeEp, Pa3IudYHbIe JaHHbIC, n3BIcueHHbIe u3 cTpanun Wikipedia, B Tom uwmcie
Dictionaries for linking Text, Entities, and Ideas - 06a3a maHHBIX MOHATHH (HECKOJBKO
MUJUINOHOB) U CBSI3aHHBIX C HUMH CJIOB U cChLIOK (0osee 100 MUIIIMOHOB);

* Bujaco; Hampumep, YouTube-BoundingBoxes — coTtHu ThicSY (parMeHTOB BHUACO U3
YouTube, koTopble CHaOKEHbI MHJUIMOHAMH AHHOTAIMH BBIJICICHHBIX OOBEKTOB Pa3IMYHBIX
kiaccoB (Oonee 20) Ha Kaapax;

*  m3oOpaxenuit; Hampumep, Quick Draw - MHOTOMHJUIMOHHAs KOJUIGKLUS PYYHBIX UYEpHO-
OCNbIX PUCYHKOB-HAOPOCKOB, M300paXalIIUX pPa3HOOOpA3HbIE TPEAMEThl U IMOHSTHS,
oTHOocsmuecs 6osee yeM k 300 kareropwii.

< c @ © & hitpsy/research.google/tools B | O % & ouncx N @ ® & =
~
GO g!e Research Philosophy Research Areas Publications People Tools & Downloads QOutreach Careers Blog
TOOLS & DOWNLOADS

Datasets

In order to contribute to the broader research community, Google periodically releases data of interest to researchers in a wide range of computer science ~ ‘
disciplines.

Search for datasets on the web with Dataset Search.

Filters Sort by: Featured v 90 datasets

Google cluster data 2019

Dataset type = Al-monthtrace of every job submission, task assignment, and resource-usage data from eight Borg cells (clusters) in May 2019

11 Billion Clues in 800 Million Documents; ClueWeb12
We took the ClueWeb corpora and automatically labeled concepts and entities with Freebase concept IDs, an example of entity resolution. This dataset is huge: nearly 800 million web pages.

Objectron
Object-centric short videos with pose annotations.

50,000 Lessons on How to Read: a Relation Extraction Corpus
A human-judged dataset of two relations involving public figures on Wikipedia: about 10,000 examples of *place of birth" and 40,000 examples of *attended or graduated from an institution.

Dataset Search: metadata for datasets
Datas: arch th a
thi

data
ve DI

s. We then reconcile, clean and aggregate this information to show you the search results in Dataset Search. In
entifiers

Puc. 2. Karanor HabopoB naHHbIX Ha caiite Google Research

B ocHOBHOM JaHHBIE CBOOOJHO JTOCTYIHBI U cKaunBaHus. OHAKO B HEKOTOPBIX CITydasx
JUIs IoCTyna TpeOyeTcss UCMoNb30BaHUE yueTHO# 3ammcu Google waum 3amonmHeHHs (GOPMBI C
uHpopMane O TMoJb30BaTeNie M LENSIX MOoNyueHus AaHHbIX. CleayeT OTMETUTh, YTO HaOOpPbI
JaHHBIX TIPEUMYIIECTBEHHO XapaKTEpU3YIOTCS OOJBIIMMH OO0BEMaMH, HaIlpUMEp, COAepKaT
00JbIIOE KOJIMYECTBO (DalioB MM K€ HECKOJIbKO (haillioB, pa3Mep KOTOPBIX HCUHUCISETCS
JECSITKAaMU M COTHSIMHU MeTabalT Wi rurabailr.

3. Microsoft Research Open Data (https://msropendata.com/datasets). Kommanust Microsoft
TaK)Xe co3/ajia PErO3UTOPH ISl MyOIMKaluyu HaOOPOB JIaHHBIX, KOTOPHIE UMEIOT OTHOIIEHUS K €€
pa3zpaboTkaM uiu ucciaeaoBanusM. Pernosuropuit (puc. 3) Bkimodaer 6osee 90 HaOOPOB, KOTOPHIE
pacripesieieHbl 10 CIeIyIOIUM KaTeropusM (B CKOOKax MPUBEICHO KOJIWYECTBO HAOOpOB Ha
MOMEHT OOpalleHusi): KOMIIbIOTepHbIe HaykH (48), oOmecTBeHHble Hayku (20), nndopmaruka (6),
3npaBooxpanenue (5), pusuka (4), maremaruka (3), 6uonorus (2), Hayku o 3emie (2), oOpa3oBaHue
(1), mpyroe (1). ®opmar, B KOTOPOM MPEICTABIEHbI JaHHBIE, 3aBUCUT OT KOHKPETHOro Habopa.
I[Momumo CSV/TSV u JSON Bcrpeuarorcs takke nanHble B gopmarax DOCX, PDF, TXT u
npyrux. YacTe JaHHBIX JOCTYMHA AJIS MPOCMOTpa HEMOCPEJACTBEHHO Ha caite. Iy ckauymBaHUS
(haiisioB ¢ JTaHHBIMU HEOOXOUMO 3aPETUCTPUPOBATHLCS HA PeCypce.
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ﬁ Microsoft | Microsoft Research Open Data Categories About FAQs Feedback Login

Categories A Search datasets Q |

BIOLOGY 95 dataset(s) found Sort

COMPUTER SCIENCE

Bing search dataset for Coronavirus Intent

Ul FEATURED!| 442.43 MB, May 2020

EDUCATION This dataset was curated from the Bing search logs (desktop users only) over the period of Jan 1st, 2020 — (Current
Month - 1). Only searches that were issued many times by multiple users were included. Dataset includes queries

HEALTHCARE from all over the world that had an intent related to the Coronavirus or Covid-19. In some cases this intent is
explicit in the query itself, e.g. “Coronavirus updates Seattle” in other cases it is implicit, e.g. “Shelter in place”.

INFORMATION SCIENCE Implicit intent of search queries (e.g. Toilet paper) were extracted by using Random walks on the click graph
approach as outlined in the following paper by Nick Craswell et al at Microsoft Research:

MATHEMATICS https://www.microsoft.com/en-us/research/wp-content/uploads/2007/07/cr llszummer-randol 1k
sigir07.pdf All personal data was removed. Contact BingCoronaVirusTeam@microsoft.com for all enquiries.

OTHER File Types: tsv Last Modified: 5/15/20

PHYSICS License: Open Use of Data Agreement v1.0 Category: HEALTHCARE

SOCIAL SCIENCE SEE MORE )

Puc. 3. Karanor nabopos mannbix Ha caiite Microsoft Research Open Data

4. Registry of Open Data on AWS (https://registry.opendata.aws/). Ha nannom pecypce
(puc. 4) moxuHo Haltu Oonee 200 HAaOOPOB MAAaHHBIX IO PA3NUYHONH TEMAaTHKE: OT JAaHHBIX,
OTHOCAIIHUXCA K TCHOMY YCJIOBCKA UJIM PAKOBBIM OITYXOJIAM, 10 1/1306pa>1<eH1/H71 KIJICTOYHBIX MCM6paH

WA CIIYTHUKOBBIX CHUMKOB MTOBepXHOCTH 3emuin. KirroueBasi 0COOCHHOCTb 3aKIIF0YAETCSl B TOM, UTO
MPAKTUYECKH Bce HAOOPBI XapaKTEpU3YIOTCS OOJIBIIUM 00beMOM (THrabdaiTel u TepabailThl), YTO
HaKJIaJbIBAET ONpECNICHHBIE TPYAHOCTH NpH paboTe ¢ HUMH. JlaHHBIE pa3MemarTcs B 00JauHON
undpacrpykrype Amazon Web Services (AWS). [Ins kaxmoro Habopa NPHUBEICHO OIMUCAHUE,
94acTOoTa OOHOBJICHUS, JIMIICH3US, ONPEACISIONIas YCIOBUSl UCIOIb30BaHUS, PA3IMYHBIC IPUMEPHI
UCMOJb30BaHUS (B TOM 4HMCIIE, CBS3aHHBbIE MyOJIMKALMHU), COCO0 JOCTyNa K COOTBETCTBYIOIIUM
pecypcam AWS. Jlns pgoctynma u pabOTBI ¢ JAHHBIMH MOTYT HCIIOJIB30BaThCS Pa3IHYHBIC
WHCTPYMEHTBI, HAapuMep, HHTepdeiic KOMaHIHOW CTPOKH WM HaOOPhI cpeacTB pa3zpadoTku (SDK)
JUIL pa3HBIX S3bIKOB MPOTPaMMHUpPOBaHMUS M (pedMBOpPKOB. [ HEKOTOPHIX HAOOPOB JaHHBIX
BCTPEYAIOTCS CHELUATU3UPOBAHHBIE MHCTPYMEHTHI JUIs paOOThI C HUMHU.

& c ® O & hiy gistry.opendata.aws U R « S 2 Momcs In @O ©® & =
Registry of Open Data on AWS aW§
About The Cancer Genome Atlas
This registry exists to help people discover and share datasets that are ["cancer | =3

ilable via AWS L bout sharing data on AWS.
AR N IEOlEs. MO Sugit erng o The Cancer Genome Atlas (TCGA), a collaboration between the National Cancer Institute

See all usage examples for datasets listed in this registry. (NCI) and National Human Genome Research Institute (NHGRI), aims to generate
comprehensive, multi-dimensional maps of the key genomic changes in major types and
subtypes of cancer. TCGA has analyzed matched tumor and normal tissues from 11,000
patients, allowing for the comprehensive characterization of 33 cancer types and
subtypes, including 10 rare cancers. The dataset contains open Clinical Supplement,
Biospecimen RNA-Seq Gene Expression Quantification, miRNA-Seq Isoform
Expression Quantificati...

See datasets from Facebook Data for Good, NASA Space Act Agreement,
NIH STRIDES, NOAA Big Data Program, Space Telescope Science Institute,
and Amazon Sustainability Data Initiative.

Search datasets (currently 208 matching datasets)
Details -

Usage examples

® Genomic Data Commons by National Cancer Institute

Add to this registry ® Genomic and Functional Approaches to Understanding Cancer Aneuploidy by

If you want to add a dataset or example of how to use a dataset to this Mo 1. Taylos, il Shiby etiol.

registry, please follow the instructions on the Registry of Open Data on ® The chromatin accessibility landscape of primary human cancers by M. Ryan Corces,
AWS GitHub repository. Jeffrey M. Granja, et al.

Unless specifically stated in the applicable dataset documentation, o Pan-Cancer Analysis of IncRNA Regulation Supports Their Targeting of Cancer
datasets available through the Registry of Open Data on AWS are not Genes in Each Tumor Context by Hua-Sheng Chiu, Sonal Somvanshi, et al.

provided and maintained by AWS. Datasets are provided and maintained
by a variety of third parties under a variety of licenses. Please check
dataset licenses and related documentation to determine if a dataset may
be used for your application. See 38 usage examples +

o Cell-of-Origin Patterns Dominate the Molecular Classification of 10,000 Tumors
from 33 Types of Cancer by Katherine A. Hoadley, Christina Yau, et al.

Puc. 4. I'naBHas crpanuna pecypca Registry of Open Data on AWS

5. Harvard Dataverse Repository (https://dataverse.harvard.edu/dataverse/harvard).
Penosuropuit nannbix ['apBapackoro yHuBepcutera BkIodaeT Ooipme 100 Thicsiu HAaObOpOB
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JAHHBIX, CBSI3aHHBIX C MCCIIEIOBAaHUSAMH B Pa3NIMYHBIX 00JACTSIX HAayKu U 3HaHUH (puc. 5). Okono
MOJIOBUHBI BCEX HAOOPOB OTHOCHUTCS K OOIIECTBEHHBIM HaykaMm. KpoMe Toro, 1mo HeCKOJIbKO ThICSY
Ha0OPOB MPEACTABIICHBI JIJIS TAKUX 00JIACTEH 3HAHUH, KaK METUIIMHA U 3JI0POBbE, IOPUCTIPYACHIINS,
CEJIbCKOXO03SICTBEHHbIC HAYKU U HayKu 0 3emiie. JlaHHbBIE JOCTYIHBI B CaMbIX pa3HbIX ¢opMaTax B
3aBHUCHUMOCTH OT OCOOCHHOCTEHl COOTBETCTBYIOLIETO HCCIEAOBaHUA. B HEKOTOpBIX cCiydasx c
JAaHHBIMH MOYKHO O3HAKOMHUTHCS HEMOCPEICTBEHHO Ha caiite. JI00oil HabOp JOCTymeH s
CBOOOJHOTO CKAYMBaHHUS, KaK IEJIMKOM, TaK U IO YacTsM, TyTeM BBIOOpPA TOJBKO HEOOXOIUMBIX
(haiinos.

€ C @ © @ nhttpsy//dataverse.harvard.edu/dataverse/harvard e+ Mo N @O e & =
& HARVARD AddData~ Search~ About UserGuide Support  SignUp  Login

Dataverse

liMetrics 24,262,920 Downloads i Contact @ Share

Share, archive, and get credit for your data. Find and cite data across all research fields.

Q Find = Advanced Search 4+ Add Data

v & Dataverses (4,517) 1to 10 of 111,697 Results It sort~

¥ E Datasets (107,180)

7]

2 A Field Experiment on P

= Files (888,947)

N
Pereira, Miguel M., 2021, "Replication Data for: "How do Public Officials Learn About Policy? A Field Experiment on Policy
Diffusion™, https://doi.org/10.7910/DVN/SWRGQI, Harvard Dataverse, V1, UNF:6:wCc5Tg4gysWorvdAc7cgAw== [fileUNF]

Prior research suggests that partisanship can influence how legistators leam from each other. However, same-party governments are also more
likely to share similar issues or demands a causal link between partisanship and polic

]

he National and Subnational Estimates of the Covid 19 Reproduction Number (R) for the United Kingdom

Admissiol Deaths
it

Jan
Abbott, Sam; Bennett, Christopher; Hickson, Joe: Allen, Jamie; Sherratt, Katharine; Funk, Sebastian, 2020, "Collated Results of
of the Covid 19 R Number (R) for the United Kingdom Based on Tests, Hospital
9/10.7910/DVN/4L30KY, Harvard Dataverse, V85, UNF:6:/WppeB60UgigcZpFE1J66w==

Metadata Source
Harvested (66,482

the National and
Admissions and Deaths”, ht
[fleUNF]

Harvard

[’u‘b"“"‘j" Year Identifying changes in the reproduction number, rate of spread, and doubling time during the course of the COVID-19 outbreak whilst
2021 (1,01 accounting for potential biases due to delays in case reporting both nationally and subnationally in the United Kingdom. These results are [RESSSeTams
2020 (10,012 imoacted

Puc. 5. IlouckoBas cTpaHuila peno3UTOPUsI JaHHBIX ['apBapCKOro yHUBEpCHUTETA

Jns kaxaoro Habopa JaHHBIX M COCTAaBISIOUIMX ero (¢aillioB coxpaHseTcs HCTOpHs
CBSI3aHHBIX C HUMU U3MEHEHUH. B pe3ynbrare hopmMupyeTcs MHOXKECTBO BEPCHIl OJJTHOTO U TOTO XKe
Habopa. Ilpm HeoOXOOMMOCTM MOKHO TIOCMOTPETh U CKayaTb JIaHHble I JIF0OOH
3a(huKCHpPOBaHHON BEepCUM HaOOpa MIIM KOHKPETHOTO (aiisa U3 Hero.

Peno3uropuii OTKpHIT Juid MyOJIMKAlMM JAHHBIX HE TOJIBKO Ui TpeJCcTaBUTENeH
I"apBapackoro cooOmecTBa, HO U Ul JIIOOBIX 3aMHTEPECOBAHHBIX HCCIIEAOBATENEH, JKENaroLNX
MOJIETIUTHCST pe3ysibTaTaMu cBoel paloThl. Jlns moGaBiieHus Habopa JaHHBIX TpeOyeTcsl co3laTh
YUETHYIO 3aIIUCh Ha pECypce.

6. Zenodo (https://zenodo.org/search?type=dataset). Jlannsiii pecypc, GyHKIHOHUPYOIINiT
non srunoii CERN, mpenocraBniseT BO3MOKHOCT IyOIMKOBAaTh HAaydyHBbIE paOOTHI U PE3yNIbTaThl
UCCIIEIOBaHUM B pa3nuyHoi ¢opMe (CTaTbU, KHUTH, MPE3EHTALH, W300paXKeHHs, MPOrpaMMHOE
obecnieyenue u ap.) [30]. B Tom uncre Ha caiite noctynHo Oosiee 65 ThICSY HAOOPOB JaHHBIX (pHUC.
6). B ocHOBHOM mpencTaBiIeHHblE HAOOPHI JIOCTYNHBI Ui CBOOOJHOTO O3HAKOMJICHHS U
CKayMBaHUS. B HEKOTOPBIX ciyyasx JaHHbIE MOTYT OBITh IPOCMOTPEHBI HEMOCPEACTBEHHO Ha
caiite. Kaxnpiii HaOOp MaHHBIX MOXKET HMETh HECKOJbKO OTJIMYAIIIMXCA Bepcuil. Pecypc
MPEOCTaBIIAET CPEACTBA JUIsl MPOCMOTpa CIHMCKa BEpcHUil, a Takke BbIOpaHHOH Bepcuu Habopa
naHHbIX. O/HAKO 3TH CpeACTBAa HE HACTOJIBKO (PYHKIMOHAIbHBI, KaK B PEMNO3UTOPUU JAHHBIX
I'apBapackoro yHuBepcuteta. Kpome toro, cymectByer nporpammMmubiii uaTepdeiic (REST API)
U1 paboThI C pecypcoM (Hampumep, IJs OUCKa, CKaYMBaHUS U 3aTPYy3KHU JAHHBIX).

Jns myOiuKanuu pe3ysibTaTOB HCCIIEAOBAaHUM (HampuMmep, HOBOTO HalOopa JaHHBIX) WM
MCIOJIb30BaHUS IPOrpaMMHOTro nHTepdeiica TpedyeTcst peructpaius Ha pecypee. K HemocraTkam
pecypca MOXHO OTHECTH TO, YTO OTCYTCTBYET BO3MOXKHOCTh CKauaTh Cpa3y LEIUKOM Bce (haiisbl,
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CBS3aHHBIE C KOHKPETHBIM Ha0opoM maHHBIX. Kaxaeni Qaitn HeoOXoaumMo CcKayuBaTh TI0
OTJIEJILHOCTH.

< C @ © & httpsi//zenodo.org/search?page=18isize=20&access_right=open&itype=dataset *=+ @ ¢ | & | Q Nouex N o e & =

P Allversions Found 65907 results. - 2034|567 |89 Sort by:
- | Most recent v
Access Right asc. v|
Open (1663089) [ 27,2021 1) | ataset | 0 | View
Dol (35050) Large zero-bias peaks in InSb-Al hybrid semiconductor-superconductor nanowire devices
) ) Zhang, H.; de Moor, M. W. A; Bommer, J. D. S.; Xu, D; Wang, G.; van Loo, N.; Kouwenhoven, L. P;
[Restricted (4156)
Measurement data, data processing scripts and figure generating notebooks for Zhang et al., "Large zero-bias peaks in InSb-Al hybrid
ClEmbargoed (1112) semiconductor-superconductor nanowire devices"
File Type
;2021 ) | Datasr | Oponcees view
OIrdf (881372) Data from: Plant sedimentary ancient DNA record from Far East Russia covering the last 28 ka
Clupg (362319) reveal different assembly rules in cold and warm climates
Jpg ( 9)
Om 2865) Huang, Sichao; R. Stoof-Leichsenring, Kathleen; Liu, Sisi; Courtin, Jeremy; A. Andreev, Andrej; Pestryakova, Luidmila; Herzschuh, Ulrike;
ng (212865)
Woody plants are expanding into the Arctic under warming climate. The related impact on plant diversity is not well understood because
Ozip (76242) we have only limited knowledge about plant assembly rules also because of lack of plant diversity in time-series. We applied sedimentary
Ol Html (72906) ancient DNA metabarcoding us
[OIHdf5 (15112)
Oxml (15106)

TIIIET MY ey &%

Puc. 6. Karanor HabopoB JaHHBIX Ha caiite Zenodo

7. IlopTaa oTKpPLITHIX AaHHBIX Poccuiickoii Mexepamuu (https://data.gov.ru/opendata).
Peectp nHa moptane OTKphITHIX AaHHBIX Poccuiickoit ®denepanuu Brimrodaer Oosiee 20 ThICSY
HA0OpPOB  NaHHBIX [25], KIAcCCHPUIMPOBAHHBIX IO pa3IUYHBIM pyOpukam (puc. 7).
[IpeumyniecTBeHHO MyONMKYIOTCSI JaHHbIE TOCYJapCTBEHHBIX OPraHOB BIJACTH, CYOBEKTOB
denepauyu WIM MyHULIUOAIBHBIX OPraHOB BJIAcTU. B OCHOBHOM JjaHHbBIE OTHOCSTCSI K KaTeropuu
«ocymapctBo» (15152 nabGopa Ha MoMeHT oOpamieHus). OgHaKO WMEEeTCs MHOTO HabOpOB,
BXOJAIIMX B Takue pyoOpuku, Kak «OkoHoMuKa» (1552 Habopa Ha MOMEHT oOOpalleHus),
«O6pazoBanue» (1242), «xonorusn» (1229), «3goposre» (673), «Kynerypa» (630), «Tpancmopt»
(625) u npyrue (Bcero mpenctaBieHo 16 pyOpuk). Ha moprane MoxHO HaiiTu, Hampumep, Takue
pazHooOpa3Hble  JaHHble, Kak «EnuHbBli  peecTp CyOBEKTOB  Majoro U  CpPEIHEro
MPEIIPUHIMATEIHCTBAY, «"ocynapCTBeHHBIH peectp JIeKapCTBEHHBIX CpeICTBY,
«["ocynapcTBeHHBIH peecTp cepTUDHUIIMPOBAHHBIX CPEACTB 3aIUThl HH(popManun» i «llepeueHnb
CTpaH U PEKUMOB BbE3/1a HAa UX TEPPUTOPHIO». JJaHHBIE MpeICTaBIEHbl B Pa3INYHbIX (hopMaTax, HO
npeBanupyor CSV (Gonpmie 15 Teicay HabopoB Ha MoMeHT oOpamienus), XML u JSON. Jlns
HEKOTOPBIX HAOOPOB JIOCTYITHBI CPEICTBA MPOCMOTPA JAHHBIX U MX CTPYKTYPHI HETOCPEICTBEHHO
Ha noprasie. EcTb BO3MOKHOCTh ckauaTh B Buje ¢aitna popmara Excel unu CSV undopmaruio o
Habopax, BXoaauMx B peectp. Kpome Toro, mopran npeaocTaBisieT NporpaMMHBIA UHTepdec s
paboTHI ¢ JaHHBIMH, C TIOMOIIBIO KOTOPOTO MOXKHO, HAIpUMEp, MOJYYUTh CBEJCHHS O TOM WU
WHOM Habope TaHHBIX WM 3aTPY3HTh €T0.

Jlnst momcka, MPOCMOTpa M CKAauMBaHUS JAHHBIX HE TpeOyeTcs: perucrpaunus Ha Mopraie.
Perucrpanusi MOXeT MOHATOOUTHCA Ui MOJB30BAHUSA PACIIMPEHHBIMH (DYHKIUSAMH IOpTaa,
HampuMep JUIs TOJa4d 3asBKH JUIsl IyOJHMKAllMd HOBOTO HaOOpa MAaHHBIX WIM TPUMEHEHHUS
MPOrpaMMHOT0 HHTEpdeiica.

8. World Bank (https://datacatalog.worldbank.org  https://datatopics.worldbank.org/world-
development-indicators/). Caiitr BcemupHoro ©0aHKa mpegOCTaBIsIET JIOCTYH K OOJBLIIOMY
KOJIMYECTBY SKOHOMHYECKHX U CTaTUCTUYECKUX NaHHBIX (puc. 8) [25]. IlpencraBieHbl HECKOIBKO
THICSTY HA0OPOB MAHHBIX, TMPEUMYIIECTBEHHO KACAIOUIMXCS Ppa3IMYHBIX TOKa3aTejeld pa3BHTHS
CTpaH M HUX DKOHOMHMK, AeMorpaduu, OKpyXarolled cpeibl, a TakKe OTYEThl U Pe3yJbTaThl
uccnenoBannii  BcemupHoro OGanka. Hampumep, MOXHO HaWTH TEHIEPHYIO CTAaTHUCTUKY
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OTHOCHUTEJIBHO JeMorpaduu, 310pOBbs, SKOHOMHYECKOTO OJIaromoydus, a TaKKe pa3IndHbIC
HKOHOMHUYECKHUE MMOKA3aTeNId THUIIAa BaJOBOTO HAIMOHAIBLHOTO J0X0Ja cTpaH. /laHHbIe TOCTYIHBI B
dopmare Excel mumu CSV. Kpome toro, Ha caiite BcemupHoro 6aHka mpencTaBieH MHCTPYMEHT
(https://databank.worldbank.org), mo3BosstoIIKii BRIMOIHATS aHAIW3 U BH3YaJTU3alMI0 Ha OCHOBE
JOCTYIHBIX JIAaHHBIX. B 4acTHOCTH, MHCTPYMEHT MO3BOJISIET JICNIaTh BBIOOPKU M CTPOUTH IpaduKu
10 Pa3IMYHBIM MTOKA3aTEIsIM, CTPAHAM U TOJIaM.

< C ® © & nhttps;//data.gov.ru/opend @ % ¥ | Qnou InN@D & & =

- Q

Data.gov.ru

OTKpHITHIE fahbie Poccii

?)

' Dannsie

Q
AT
< (opmaT faHHbIX PeecTp HabopoB OTKPbITLIX AaHHbLIX - —
' CSV (15243)
L.
& i HalineHo HaBopoe: 23565 COPTHPOBATL: | AATE HAMEHEHNWA MPOCMOTPSI  33TPYakM e ——

XML (6388)

Hauwnw owmbKy? Pacckaxire naml

JSON (1249) Tocyaapcrao 24012021 Ccs(145KB) o> 4252 - 205

ZIP (89 Cratuctuka pabotbl [Moprana oTkpbITbIX AaHHbIX PO

XLS (69) i uewTp npu M

XLSX (53
Focynapcreo 24.01.2021 €sv(274.24KB) 3534 m
GZ (32)
Opranusaumu-ny6nukaropbl MopTana oTKpbITbiIX AaHHbIX PO
RODF (4) s

i LeHTp npu M)

Tema —
Kynetypa 24.01.2021 zip(1.021B) 694 8

EasnnaruncTe (904

Puc. 7. Peectp HaGopoB nanHbIX Ha [lopTane oTKpbITHIX JaHHBIX Poccun

&

Q Mowex N o e® & =

€)> C @ O & nitps og.worldbank.org - @ N

~

@w;ﬂwonm BANK  Data Catalog © Lozin~

A Data Collections Getting Started FAQs

Search and Share Development Data

Search Criteria: @ AllWords O Any Word

Browse by data type or country/region

Featured Data

Understanding

COVID-19 B
through data/ OPEN

A S

COVID-19 Data Data on Statistical Capacity World Bank Open Data Impact Evaluation Surveys v

Puc. 8. 'maBHas cTpanuia katajiora JaHHBIX Ha caiite BcemupHoro 6anka

9. The Big Bad NLP Database (https://datasets.quantumstat.com). Karanor cceliok Ha
pecypchl, Ha KOTOPBIX MOXXHO HaWTH HA0OPHI TAaHHBIX JJIS pa3HOOOpa3HBIX 33a7ad, OTHOCSIINXCS K
obmactu 00pabOTKHU s3bIKa (MMPEUMYIIECTBEHHO ecTecTBeHHOro). Ha calite mpezacTaBieHsl Ooiee
800 pecypcos (puc. 9). [na xaxmoro Habopa JaHHBIX NMPUBEACHO OMHCAHME, JaTa JN00aBIECHUS B
Karajor, s3bIK, 00BEM JaHHBIX (€Ciu HU3BeCTeH), (hopMar (alijioB ¢ JaHHBIMH (€CIIH HM3BECTEH),
KaTeropuu IMEeNeBhIX 3a/1ad (HalpuMep, BBIABICHHE SMOIIMOHATBHON OIICHKH, KIACCH(HUKAIIHS,
n3BJeUYeHHe WHGOpPMAIMU U T.I.), ToJ (GopMuUpoBaHUsI HabOpa W CCHUIKA HAa CAlT, HA KOTOPOM
MOKHO HETIOCPEJCTBEHHO HAWTH COOTBETCTBYIOIIME JAHHBIC. BONBIIMHCTBO AJIEMEHTOB KaTallora
CHaOXXEHBI CCHUIKAMHU HA COIYTCTBYIOIIME MYOJHMKAIMH, B KOTOPBIX PAacCMAaTPUBACTCS TOT WU
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WHOW HAOOp JaHHBIX. B OCHOBHOM Ha0OpHI TaHHBIX OTHOCSATCS K aHTJIMHCKOMY sI3bIKY (Oomee 450
Ha MOMEHT IIOCCIICHUSI KaTalora) WM Ccpa3dy K HECKONbKUM si3bikaM (Oomee 80). OmHako B
Karajore BcTpedarotrcs Habopsl 6osee ueM st 100 pa3HBIX S3BIKOB, B TOM YHCIE JJII KUTAHCKOTO
(21 ma MomeHT mocemieHus karaiora), apadckoro (19), unnonesmiickoro (14) u pycckoro (12).
Ecte HaboOphl ns ABYX S3BIKOB, HAIpUMEpP HEMEUKUH-aHTVIMUCKUK (7 Ha MOMEHT TOCEIICHUS
karasnora). KpoMe pecypcoB, OTHOCAIIUXCS K €CTECTBCHHBIM SI3bIKaM, B KaTajore IMPeICTaBICHBI
HECKOJIbKO HAOOPOB JAaHHBIX, OPHUCHTHPOBAHHBIX HA 3a/1ayM, CBS3aHHBIE C OOPaOOTKOW S3BIKOB
MIPOrpaMMHUPOBaHUs (HapuMep, BbISIBJICHHE CEMaHTHUECKON SKBHUBAJICHTHOCTU WK 0€30MacHOCTU
(hparMeHTOB KOJ1a).

1
=
B8
©®
13
n

< c @ 0 a quantumstat.com e

The Big Bad NLP Data Quantu

For database updates follow on [ or Want to add a dataset, edit? [#°

Dataset is an open-domain, many-hop
fact extraction and claim verification
dataset built upon the Wikipedia Information
corpus. The original 2-hop claims are Extraction
adapted from question-answer pairs
from HotpotQA.

112320 | English Jiang, Bordia et al

Dataset contains 148K Python and
120K SQL domain question-code pairs,
which were mined from Stack
Overflow.

Stack Overflow Question-

i s 267,065 Language-to-Code Yaoetal

112320 English

Dataset used for emotion
classification of tweets with 5 § Classification,
categories: anger, fear, happiness, love Sentiment Analysis
and sadness.

EmoT (IndoNLU) Indonesian Saputriet al.

Dataset is a collection of comments
and reviews in Indonesian obtained
from multiple online platforms. The
text was crawled and then annotated _ Classification, Purwarianti and
by several Indonesian linguists to 24 Sentiment Analysis Crisdayanti et al.
construct this dataset. There are three

Puc. 9. I'naBHas crpanuna karanora The Big Bad NLP Database

SmSA (IndoNLU) 11.2320 Indonesian

10. Common Crawl (https://commoncrawl.org https://index.commoncrawl.org). Janusrii
pecypc obecrieunBaeT IOCTYN K KomusiM Web-ctpanury ceti IHTepHET, KOTOpbIE aBTOMATHUECKU
coOuparoTcs Ha peryisipHoil ocHoBe, HaunHasi ¢ 2008 roma. Habop coaep’uT MuIap/pl CTpaHHULL,
MPEJCTaBICHHBIX Ha pa3IMYHBbIX caiiTax Ha MOMEHT cOopa MaHHBIX. KpoMme HermocpencTBEHHO
CaMUX COXPaHCHHBIX WeD-CTpaHHMII, IOCTYIHBI CBS3aHHBIC C HUMH METaJaHHbIC, a TaK)Ke TEKCT,
U3BJICUEHHBIN U3 CTpaHML. B CBS3U ¢ 3TUM JaHHBI HAOOp MOXET MCHOJIb30BATHCS, B YACTHOCTH,
JUIE  pa3iMYHBIX 3a]a4, CBS3aHHBIX C OOpa0OTKOM eCTeCTBEHHOrO S3bIKa WM TIOMCKa
HECTPYKTYpUpPOBaHHOHN HH(OpMaIuy, npeacrasneHHor B MaTeprer. CoOpaHHBIE TaHHBIE XPAHSTCS
B CHenMaIbHOM ¢opmare, ONMCaHHE KOTOPOro NpUBEIACHO Ha caiite pecypca. st paboTsl ¢
JAHHBIMHU MOTYT HCIOJIb30BaThCsl pa3iMyuHble CPEACTBAa M MHCTPYMEHTHI (Hampumep, Ha Oaze Java
wim Python), koTtopele mepeunciieHsl Ha OTAEAbHON cTpaHuie pecypca (puc. 10). Taxxke
MPEJCTAaBICH psill OOyYaroIIUX MAaTepPHajoB, MOSICHAIONMX W JIEMOHCTPUPYIOIIUX pPa3IHIHbIC
acIeKThl 10 pabote ¢ HabopoMm AaHHBIX. Kpome Toro, ecth oTaenbHbii caiit Common Crawl Index
Server (https://index.commoncrawl.org), ¢ moOMOoIIbI0 KOTOPOTO MOKHO MOJTYYUTh OBICTPBII TOCTYI
K CBEICHHUSAM, OTHOCAIIUMCS K ToOMy win uHoMy aomeny win URL. Hanpumep, ¢ ero momoriisio
MOJKHO TIPOBEPUTH HAJTMUYUE CTPAHUIIBI C OTIPEICTICHHBIM apecoM B HAOOpe TaHHBIX.

3akiiouenune. PaccMOTpeHHBIE pecypchl paziMyYalOTCs MO TAaKUM XapaKTePUCTHKaM, Kak
KOJIMYECTBO M O0BEM INpeACTaBICHHBIX HAaOOpPOB JIAaHHBIX, MpPEAMETHbIe 00JaCTH U MPHUKIATHbIC
3aaui, K KOTOPBIM OTHOCSTCS JaHHBIE, YIOOCTBO M OCOOCHHOCTH JOCTynma K HHM H 1p. B
COBOKYITHOCTH C CaWTaMH, MEPEYUCICHHBIMA B [27], maHHOE MHOKECTBO PECYPCOB CIIOCOOHO B
3HAYUTEIbHON Mepe MOKPHITh MOTPEOHOCTh B MOMCKE JAHHBIX, TPEOYeMbIX OTIAJKU METOJOB U
MHCTPYMEHTApHUsl B Pa3HbIX cepax MNPUMEHEHHs HCKYCCTBEHHOTO WHTEIUIEKTa M MAIIUHHOTO
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oOydenusi. B Tom uucie, ykazaHHbIE peCypChl MOTYT OBITH TOJIE3HBI ISl HAXOXKIEHUS JaHHBIX C
I[EbI0 MTPOBEPKH HAYYHBIX THIIOTE3 WM MCIOJIB30BaHUS B Iporecce o0ydeHus. JlOMOIHUTETHHO
JUTSL TIOMCKA TOJIXOIAIIKUX HA0OPOB TaHHBIX MOKHO BOCIIOJIb30BaThCs clieayromumu cadtamu: Data
Portals (http://dataportals.org), Dataset Search (https://datasetsearch.research.google.com), KEEL
repository (https://sci2s.ugr.es/keel/datasets.php), Open Datasets (https://wiki.pathmind.com/open-
datasets).

B pabote [25] nmepeuucieHbl HECKOIBKO PeCypCOB, Ha KOTOPBIX MPEICTABICHBI COLUATbHBIC U
SKOHOMHUYECKHE JaHHbIE, OTHOCsIMEC K Poccuiickoit Denepanum.

C o © & htips;//commoncrawl.org/the-data/get-started B -9 ¢ omcK o e & =

: Common Crawl GPICTURE - THEDATA -  ABOUT 3LOG  CONNECT - Donate

Get your sea legs by
checking out some
sample code

So you'’re ready to get started.

The Common Crawl corpus contains petabytes of data collected since 2008. It contains raw web page
data, extracted metadata and text extractions

Data Location

The Common Crawl dataset lives on Amazon S3 as part of the program
From Public Data Sets, you can download the files entirely free using HTTP or S3

As the Common Crawl Foundation has evolved over the years, so has the format and metadata that
accompany the crawls themselves

« [ARC] s3://commoncrawl/crawl-001/ — Crawl #1 (2008/2009)

* [ARC] s3://commoncrawl/crawl-002/ — Crawl #2 (2009/2010)

o [ARC] s3://commoncrawl/parse-output/ — Crawl #3 (2012)

« [WARC] s3://commoncrawl/crawl-data/CC-MAIN-2013-20/ —

* [WARC] s3://commoncrawl/crawl-data/CC-MAIN-2013-48/ —

« [WARC] s3://commoncrawl/crawl-data/CC-MAIN-2014-10/ —

* [WARC] s3://commoncrawl/crawl-data/CC-MAIN-2014-15/ —

o [WARC] s3://commoncrawl/crawl-data/CC-MAIN-2014-23/ —

v

Puc. 10. Crpanuma pecypca Common Crawl, npenocraistoiiast J0CTYIT K JaHHBIM U CPEICTBAM
JUTsl pabOTHI C HUMU
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